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Deep dive: 
Can LLMs reason about counterfactuals of their own outputs?

Chatzi et al. “Counterfactual token generation in large language models.” CLeaR, 2025.
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Implementation & experiments

Llama 3 8B-InstructMinistral 8B-Instruct

Open-weights models, small, fine-tuned for dialog 
• https://docs.mistral.ai/ 
• https://www.llama.com/

https://docs.mistral.ai/
https://www.llama.com/
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Females would have had a higher 
income had they been males!
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